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Single-Sided Spectrum
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Two-Sided Spectrum
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Power Spectrum (1)
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Power Spectrum (2)
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Periodogram
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Periodogram and Power Spectrum
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Root Mean Square
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CTFS and CTFT

Continuous Time Fourier Series
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Continuous Periodic Signal
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Continuous Aperiodic Signal
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Parseval’'s Theorem - CTFS
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Parseval’'s Theorem - CTFT
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Parseval’'s Theorem - DTFT
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Parseval’'s Theorem - DFT
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Average Power of Random Signals

A truncated sample function
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Power Spectral Density of Random Signals
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Power and Power Density Spectra (1)
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Power and Power Density Spectra (2)
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Correlation and Power Spectrum (1)
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Periodic Signals Aperiodic Signals Random Signals
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